


[TnaHyBaHHA pecypciB NignpMEMCTBA
(Enterprise Resource Planning, ERP)

» «[lnaHyBaHHA pecypcamu hionpuemcmasa - ye
MOX/1uBicmb Hadamu iHmMe2posaHuUU hakem npo2pamHo2o
3a6e3nevyeHHsa 018 6i3Hecy, wjo 06’e0HaHuUU cnizibHUMU
npouecamu i ModesiaMuU OaHUX, WUPOKO ma 271uboko
NOKpUBAE HACKPI3Hi npoyecu, wo cmocyiombCcA PiHaHCIB8,
ynpas/iiHHA hepCcoHasioM, noCMayaHHA, sBUpobHUYmMB8a ma
ducmpubyyii»

» Gartner Glossary



[TnaHyBaHHA pecypciB NignpMEMCTBA
(Enterprise Resource Planning, ERP)
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OCHOBHi BUPOOHMKM i NPOAYKTH

» SAPR/3
» SAP Business One
» SAPS/4HANA

» Oracle E-Business Suite

ORACLE » JD Edwards EnterpriseOne

» Oracle NetSuite

Dynamics 365 » Dynamics 365 Business Central (NAV)

» Dynamics 365 CRM
V~ Microsoft » Dynamics 365 for Finance and Operations (AX)



[lporHo3yBaHHA nonuty. Npobremu

» BTpadeHi npoaarki yepes 6paK HeobXxiaHOT KiIbKOCTi ToBapiB
» [ligBuLLEH] BUTpaTH Ha 36epiraHHi HebGaxKaHuX ToBapiB

» Y3roaxXeHHA 3 MapKEeTUHIOBO AiAJIbHICTIO

» Butpatn Ha cnucaHHA HenpogaHMX / NPOCTPOYEHMX TOBApiB

» HeTo4yHOCTi n/1aHyBaHHA rPOLIOBMX MNOTOKIB



[ilporHo3yBaHHA nonuty. [ligxoau

» KnactepHum aHanis P '@"
» ONMCoBMM aHanis | e

» AHani3 "BMKMAIB"

» DakTOpHUM aHanis
» AHasi3 YyacoBuX pAAIB %

» PerpeciHmnn aHanis -

Historical




[iporHo3yBaHHA nonmTty. SAP, Oracle

[lepeBaXkatoTb py4dHi Nigxo4M 3 eneMeHTaMM1 aBToMaTm3auil

» SAP

Historical Forecast Srantitiow
sales figures sales figures

» Oracle

Kom6iHOBaHWIM peXXuM 3 aBTOMATUYHUM BpaxyBaHHSIM CE30HHOCTI Y
JD Edwards EnterpriseOne Applications Real Estate Management

OKpeMMI «xMapH1i» cepsic Oracle Retail Demand Forecasting Cloud Service




[IpOrHo3yBaHHA NOMNMUTY.
Dynamics 365 Business Central

= —_— | ~ SAVED =

Sales Budget Overview

4l Previous Set 4 Previous Column P Next Column I Mext Set P Next Period 4 Previous Period

General
Item Budget Name ‘ NAUKMA ‘ View by ‘ Day V|
Show as Lines ‘ ltem ‘ Rounding Factor ‘ MNone V|
Show as Columns ‘ Period ‘ Show Column Mame @
Show Value as ‘ Sales Amount V‘
Sales Budget Overview Matrix B4
Budgeted Budgeted Sales Budgeted Cost
Code Name Quantity Amount Amount 20-04
— 1896-5 :  ATHENS-tydpdyts 0,00 0,00 .
1900-5 PARIS-vierastuoli, musta 0,00 0,00 0,00
1906-5 ATHENS liikkuva jalusta 0,00 0,00 0,00

1908-5 LONDON-toimistotuoli, sin. 0,00 0,00 0,00




Sales and Inventory Forecast.
Po3wmnpeHHsa Business Central

€ + B
Sales and Inventory Forecast Setup
New Actions  Fewer options
Setup Scheduled Forecasting B Updabi{“oreﬁn € Open Azure Al Gallery
Period Type Manth APIURI
Horizon T
Statistics
2000-S - Miapyyrvik 3 iHpopmaTtrkn ana cryaeHtis HayYKMA
Process  ltem  History  Special Sales...es & Discounts Actions  Navigate  Fewer options
Iltem P (@ Details 0 Attachments (0)
Ne. |zooors HZ| Type | Inventory v|
Attribute Value
Description | TliapysHuk 3 iHgopmaTiki 417 cTyaenTis HaVKMA ‘ Base Unit of Measure | KL v | e Vires
Blocked @) Item Category Code |TUOLI v | Sywys 80 NK
Leveys 90 NK
Korkeus 110 NK
Inventory Show more Materiaalin kuvaus Puuvilla, Ter
I
Shelf No. ‘ Stockout Waming | Default (Yes) v|
Inventory 38 El Unit Volume | 0,25| [Forecaste
10
Qty. on Purch. Order 0 Over-Receipt Code | v |
PeriodResult: 20-08-23
Qty. on Sales Order 3 . o Sales Forecsst 7
Costs & Posting > ‘ 14890 ‘ VAHMYYNTI | JALMYYNTI 5
- 25
Prices & Sales Show more I I
Unit Price 191,00 Sales Unit of Measure | KPL v o
w % % Nl 53 %]
g e S
Profit % 22,04 Sales Blocked @ < 5 s F <
~ ~ W~ Ll -~ '\9
Special Sales Prices & Discounts Create New...

Updated 20-04-22

Update Successful




Sales and Inventory Forecast.
Mogenb Azure Machine Learning

Forecasting Model for Microsoft Dynamics 365 Business Central

Web service input

Enter Data Manuall ~ Enter Data Manuall VoA
i v i) v modeldrima <— function(historicalData, forecastHorizon, confidencelewvel)
SAMPLE DATA PARAMETERS {
return{tryCatch({
arima_model <- auto.arima(historicallata)
tryCatch({
# auto.arima does not search all D = 1 models, so try this
cﬁ) Execute R Script N arima modell <- Arima(historicalData, seasonal=c(0,.,0))
GENERATE FORECAST if (accuracy(arima modell) [L, "MRFE"] < accuracy(arima model) [1,"MRFE"]) {
! arima_model = arima modell
O - ¥
}, error = function{err) {
print(paste{"Could not fit ARTMA D = 1, model error: ",err))
1
’ v ~ fcast <- forecast(arima_model, h = forecastHorizon, level = c(confidencelLevel))
B8 split Data v
S P mean arima <- as.numeric(fcastdmean)
: * L 4 sigma_arima <- as.numeric((fcastSupper - fcast§lower) / 2)
arima_fitted <- as.numeric(fitted(arima_model))
return (list(msan = mean_arima, sigma = sigma_arima, fitted = arima_fitted))
¢ *
BB . s A \ }, exrror = function{err) {
| “An Select Columns in Dataset v :::] Selact Columns in Dataset v print{paste ("ARIML model error: ",BYT))
B g | Em | return (NULL)
)
}

Web service output Web service output



Sales and Inventory Forecast.
Pe3syabTtar
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Clustering. Po3wwupeHHs

Clustering Setup

General

APTURL: |https:.."..fussouthcentral.semices.azureml.net,"workspacestccSE?QDfE-‘led?ﬂ...‘ APl Key: |essssssssss

Clustering Items -~

[tern o Description ltermn Calculation Cluster
Mo, Categor... Date Assignments
10000 Milk 1 Liter DAIRY 0
20000 Apple, Red Delicious FRUIT/VEG. 0
20070 Apple, Jonagold FRUIT/VEG. 0
20020 Cucumber FRUIT/VEG. 0
30000 Soda Orange 0.3 L BEVERAGES 0
30010 Soda Lime 0.5L BEVERAGES 0
40020 Skirt Linda Professional Wear CLOTHIMNG 1
400&0 Jacket Davi-s Professional Wear CLOTHING 1
40091 Sweater Tirn-n Tina Wear CLOTHIMNG 1

AN2A0 leans Navi-= Cacual Wear 1 OTHIMG 1




Clustering. Moaenb

ltem clustering based on sales history [Predictive Exp.]

| i% Monthly Sales Data

Web service input

@ [tem clustering based on sal... ]

/

~ =
\ !/

B ftem clustering based on sal. [&] apply Transformation v

| ly Transformation vy
f" [tem clustering based on 5al. \ ! Aoply ~ _

—

Assign Data to Clusters v |

|

= :
Sip Select Columns in Dataset v |

Web service output




BMCHOBKMU

» binbwicTtb npoueciB No nepebavyeHHIO BUKOHYIOTbCS
nepeBaXHO BPYYHY, xo4a i 3 NeBHMM piBHEM aBTOMAaTM3aUil.

» CnocTepiraeTbca, WO iCHYE YCBIAOMJ/IEHHA BAXX/IMBOCT1 TaKMX
cepBiciB i BigbyBaoTbcs AiT 418 1M NoAaNIbLLIOr0 PO3BUTKY.

» [lowmnpeHi cMctemu ynpas/iiHHA pecypcamm nignpreEMCTBa
3a6e3neyvytoTb AOCTATHIO FTHYYKICTb 419 CAMOCTiMHOIO
BNPOBaXEHHA pilleHb NO NJIaHyBaHHIO MOMMUTY, ane iCHy4a
(PYHKLioOHa/IbHiCTb 6a30BMX BEPCiM MOXKe BYTU NMoKpaLleHa



/1aKyto 3a yBary!




