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The integration of a large language model (LLM) with a knowledge 

base (KB) has been shown to significantly enhance the efficiency of 

question-answering (QA) pipelines. The KnowledgeNavigator 

framework has demonstrated effectiveness and generalization in QA 

tasks [1]. 

However, there are challenges in this integration, such as the 

complexity of natural language and the richness of entities and relations 

in knowledge graphs [2]. Despite these challenges, novel approaches, 

show the potential of leveraging graphs to improve retrieval and 

generation processes [3]. 

Combining LLMs with KBs can lead to more efficient QA pipelines 

by utilizing the reasoning and few-shot learning capabilities of LLMs, as 

well as the structured information in KBs. This synergy shows promise 

in addressing the inherent complexities of natural language and 

knowledge representation by using context-relevant processing. 
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