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THE STRUCTURE OF THE UKRAINTAN MUSICAL TASTE:
EXPLORATORY LATENT CLASS ANALYSIS OF
UKRAINIAN MUSICAL PREFERENCES

This article is aimed at finding the latent structure of Ukrainian musical taste. Latent class analysis,
likewise factor analysis, is a method which can be helpful to find the structure of a latent variable, such as
taste, which stands behind patterns of responses to survey questions describing the preferences for some
cultural goods, such as styles, genres, compositions, or performers. However, the biggest advantage of
latent class analysis is that it can be applied to dichotomic and categorical variables. The article presents
the findings of exploratory latent class analysis of musical preferences of Ukrainians. The results indicate
there are three classes of musical taste in Ukraine: post-Soviet popular music taste, contemporary music

taste, and omnivorous taste.
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Introduction

Methods of analysis have proved to be vital in
finding the relation between the social structure and
musical taste. Basically, three analytical strategies
exist. Firstly, regression is often used as a means to
find the relation between social variables and tastes.
Secondly, as an alternative to regression equations,
Multi-Correlation analysis was suggested, since
culture is a multi-dimensional field which intersects
with the multi-dimensional social structure [6].
Thirdly, researchers use classification methods,
such as exploratory and confirmatory factor
analyses, to define classes and levels of culture
among the variety of cultural products evaluated by
respondents [3]. Latent class analysis is suggested
as an alternative to factor analysis because it does
not require the interval variables, linear relation,
and normal distribution [2]. Latent class analysis
has been successfully used by Coulangeon and
Roharik [2] to analyze cultural tastes.

Ukrainian studies of music mainly use traditional
analytical strategies. Even though Ukrainian
researchers of culture often have to deal with non-
interval variables, non-linear relations, and non-
normal distribution, especially dealing with the
cultural taste, Latent Class Analysis has rarely, if
ever, been used. Meanwhile, this method offers
several important advantages, especially regarding
the investigation of patterns of cultural consumption.
The classification is based on the patterns of answers
to the questions under analysis. So, it allows a
researcher to classify the data on the basis of
individual patterns of answers. Moreover, this
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method, unlike factor analysis, is appropriate for the
analysis of categorical, especially dichotomic,
variables. The main purpose of this article, herein, is
to introduce the method of latent class analysis using
the example of the musical preferences of Ukrainians
in 2008-2010. Exploratory latent class analysis of
musical preferences is called to shed light on the
latent structure of Ukrainians’ musical taste. So, this
article will be helpful to those researchers who are
seeking for an alternative method of analysis of
categorical data in Ukraine because it describes the
procedures of this method using Mplus software. The
article will be also interesting to those researchers
who seek to understand the latent structure of culture
and its transformation in a cross-country perspective.

General Information about
Latent Class Models

The main advantage of latent class models is that
they do not only show the relation between variables,
but also uncover one or more latent variables which
may define a statistically significant relationship of
those manifested variables [1, p.4]. Specifically,
latent class models can be applied to analyze hidden
variables which determine relationships between
dichotomous and polytomous variables [1, p. 5]. As
Leo A. Goodman explains, “With the introduction
of latent class models, we can examine whether
these statistically significant apparent relationships
and apparent effects might actually be spurious” [1,
p. 5]. Another advantage of latent class analysis is
that it makes it possible to classify the respondents
by finding meaningful differences in the patterns of
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their answers [4, p. 536]. This is especially valuable
in the analysis of cultural preferences and tastes,
since researchers focus on the culturally and socially
shaped types of tastes which determine individual
preferences and patterns of cultural consumption.

The decision to use latent class analysis on the
data about music preferences of Ukrainians has been
made for several reasons. Firstly, the available data
about the music preferences of Ukrainians, provided
by TNS is dichotomous. It includes questions about
the preference of 16 music styles (in 2008) and
18 musical styles (in 2009 and 2010) with two answer
options, “Yes” and “No”. Secondly, preliminary
analysis of the patterns of musical preferences implies
that there are several types of musical taste in Ukraine.
Regarding the data considerations and need to check
an assumption about the presence of latent “types of
taste” which determine preference patterns, the use of
Latent Class Analysis is suggested.

Assumptions about the Latent Structure
of Musical Taste of Ukrainians

In nowadays’ social cultural studies, three main
assumptions about the type of relation between
cultural taste and the social structure exist. Elitists
propose to look at culture as a dichotomy between
the mass and elite taste [3]. The theory of social
taste proposed by Bourdieu regards culture as a
multi-dimensional space consisting of various fields
where actors move depending on the volume of
their social, cultural, and economic capital. Finally,
findings of Peterson about omnivourous tastes in the
USA are an argument for those social scientists who
stand for individualization and blurred social, and,
consequently, cultural borders.

Taking into account these theoretical approaches
and preliminary analysis of the patterns of musical
preferences of Ukrainians, several assumptions
about the structure of musical taste in Ukraine can
be made. First, there may be four classes of “pop-
lovers”. First, those who listen only to modern or
former popular music, such as disco of the 1960-80s.
Secondly, there may be “omnivore listeners,” those
who combine listening to pop music with listening
to other kinds of music, such as rock, high, and the
like. The third type of listeners, as Ukrainian data
illustrates, are independent or “individual style
listeners”. These assumptions are based on the fact
that the vast majority of patterns of music
preferences are unique, which means they occur in
less than 3 % cases. All patterns that do not include
pop music are substantially less frequent among
Ukrainian music listeners. Finally, there also may
be a fourth type of listeners who are more “neutral”

about music and are likely to moderately like most
music styles.

Application of Latent Class Analysis
to the Musical Preferences of Ukrainians

The analysis was performed on data for three
years, 2008 through 2010, in an attempt to identify
the latent class model which reflects the structure
of Ukrainian music taste. A decision was made to
analyze the available variety of musical genres,
even though there are studies where the researcher
united available musical genres into broader
categories, such as pop, classical, or world music
[2]. First of all, since the majority of patterns in the
preliminary analysis contained popular music, it is
worth understanding what popular music exactly
they like or combine with other musical styles.
Secondly, since the analysis is exploratory, it
would be more theoretically valuable to analyze
the full sets of musical styles typical for each of the
identified classes. Such scrutiny might be helpful
in understanding and describing the differences
between the classes of musical taste.

The analyzed data were the three datasets of
MMI study conducted by TNS that included
responses of 5,000 city dwellers each, on their likes/
dislikes of 16 musical styles in 2008, and 18 musical
styles in 2009 and 2010. For each year, 10 latent
class models, including 1 to 10 latent classes, were
tested, compared, and evaluated according to the
instructions of Asparouhov and Muthén [1] who
provide theoretical argumentation and practical
guidance on the most suitable way to define the
number of latent classes. Mplus, version 6.12, was
used to analyze the available datasets. Several
model fit criteria were compared since deciding on
the number of classes is one of the frequently
discussed problems of latent class analysis [4,
p.537]. On the one hand, Adjusted Bayesian
Information Criterion is seen as the best criterion to
distinguish the number of classes [4, p. 537]. On the
other hand, log likelihood difference test is widely
spread, which, however, cannot be applied when the
classes are nested [4, p.537]. Another criterion
which describes the classification quality and which
was used for model evaluation is entropy.

Results

Sample characteristics
In 2008, most respondents were females
(53.1 %). Their age ranged from 12 to 65 with the
mean of 36.94 (SD = 15.153). In 2009, 53.2 % were
females. The mean age was 37.16 (SD = 14.884).
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In 2010, also 53.2 % of sample were females, and
the mean age was 37.24 (SD = 14.904). As for the
variables under analysis of preferences of music
styles, the likes of participants were quite stable,
without statistically significant differences between
percentages in all three years. Table 1 illustrates
the frequencies and percentages of participants
who answered that they liked a certain style. As
can be seen, in all three years, Russian pop music,
music of previous years (the 1960s, 1970s, 1980s),
foreign pop music, chanson, and Ukrainian pop
music were the most frequently liked styles among
the proposed ones.

its p-value was zero for any number of classes.
Vuong-Lo-Mendell-Rubin likelihood ratio test was
useful in some cases but its p-value was also zero for
most models. Asparouhov and Muthén [1, p. 11]
explain that this may happen if data under analysis is
not specifically designed to indicate latent classes but
the results still can be used as an approximate
description of the latent classes and as a basis for
further improvement of the model indicators. That is
why other available criteria were also used to decide
on the most appropriate number of latent classes in
the model: log likelihood, adjusted Bayesian
Information Criteria, and entropy.

Table 1. Musical preferences of participants in 2008, 2009, 2010

2008 2009 2010
N % N % N %

1. Ukrainian pop music 1458 30.5 1591 335 1585 34.1
2. Russian pop music 2692 56.4 2637 55.5 2652 57.1
3. Foreign pop music 1755 36.7 1773 37.3 1773 38.2
4. Ukrainian rock music 507 10.6 612 12.9 513 11.0
5. Russian rock music 1050 22.0 987 20.8 1031 22.2
6. Foreign rock music 1204 25.2 1260 26.5 1170 25.2
7. Bard songs 587 12.3 683 14.4 590 12.7
8. Jazz 350 7.3 446 9.4 416 9.0
9. Classical music 994 20.8 1018 21.4 974 21.0
10. Club music 837 17.5 888 18.7 933 20.1
11. Theatre and cinema music 826 17.3 919 19.3 904 19.5
12. Folk music 715 15.0 751 15.8 699 15.0
13. Music of previous years (60s, 70s, 80s) 1928 40.4 2000 42.1 1945 41.9
14. Techno, rave, house, etc. 346 7.2 323 6.8 399 8.6
15. Shanson 1669 34.9 1846 38.8 1834 39.5
16. Other 456 9.5 446 9.4 437 9.4
17. R'N'B (only in 2009, 2010) - - 521 11.0 557 12.0
18. Hip-hop/ Ra

o lfly nfzoog, 2010) - - 592 12,5 657 14.1

Total 5000 100.0 5000 100.0 5000 100.0

Extraction of Latent Classes

Indicators of latent class analysis were 18 music
styles (except for 2009 where preferences of
16 music styles were collected): Ukrainian pop
music, Russian pop music, foreign pop music,
Ukrainian rock music, Russian rock music, foreign
rock music, bard songs, jazz, classical music, club
music, theatre and cinema music, folk music, music
of previous years (1960s, 1970s, 1980s), techno,
rave, house, etc., chanson, other, R’n’B and hip-
hop/ rap (added in 2009 and 2010).

To choose the model which best describes musical
taste of Ukrainians, latent class analysis was
conducted assuming 2-10 classes for each of the
three years. One of the suggested criteria (parametric
bootstrapped likelihood ratio test for k—1 (HO)
versus k classes) has not turn to be a useful indicator
of the number of latent classes in the model because

Concerning log likelihood, in all the three
years when the estimated number of classes was 9
or more, it was impossible to calculate the best
log likelihood because the solutions reached the
local maxima. Even substantial increase in the
number of random starts perturbations advised by
Asparouhov and Muthén [1, p. 7] did not result in
more trustworthy solutions. So, the models with
more than 8 classes are considered not to be
trustworthy.

As can be seen in Figure 1 which shows log
likelihood plot for the three analyzed datasets, in
all cases there was a leap in log likelihood when
more than 1 class was estimated, which is an
argument for the presence of latent classes in the
patterns of answers. Based on log likelihood
change, the 3-class solution is the most suitable
for the three datasets.
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Fig. 1. Log Likelihood plot for the estimated number
of latent classes

However, when adjusted Bayesian Information
Criteria (ABIC) was taken into account, 4-class
solution turns to be that edge when ABIC becomes
quite stable, implying that the models do not change
significantly after exceeding 4 classes.
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Fig. 2. Adjusted Bayesian Information Criteria plot
for the estimated number of latent classes in the model

Figure 1 and Figure 2 illustrate that 2008 data
modelling results are different from 2009 and 2010,
the years which were more consistent between each
other. This difference must be due to the difference in
the composition of music preferences in 2008. While
in 2008 respondents were proposed 16 music styles, in
2009 and 2009 they were also asked about two more
styles: R’n’B and hip-hop/rap. Since these two styles
belong to contemporary music, their presence might
add more quality to the classifications. Based on
entropy values, 4-class models had one of the highest

qualities of classification. However, entropy values
grew non-linearly and, for some models, were
misleading. Moreover, even though the 4-class models
were similar in three years, one of the extracted classes
had different composition from year to year.

So, a decision to choose the 3-class model of
musical taste was due to the above mentioned
criteria. Besides, when more than 5 classes were
tested, it became more and more difficult to reach
optimal solutions and the best log likelihood.
Finally, 3-class models have similar composition in
all three analyzed cases.

Comparison of Classes

All the three extracted latent classes include
people with high probability of preference for popular
music styles, be it Ukrainian, Russian, or foreign pop.
Even though this finding can sound evident because
popular music is popular thanks to its scope of lovers,
it contradicts the main argument of elitists because
the results show there is no divide between mass and
elite culture, in the traditional understanding of both.
The main division becomes clearer if the two-class
models are considered: there is a difference between
omnivores and pop lovers, which is between people
who listen predominantly to various kinds of popular
music, and between people who combine taste for
popular with classical music.

The latent class of post-Soviet pop taste was
named so because it includes people with high
probability of preferences for Russian pop music,
music of previous years and chanson music. The
second latent class was named contemporary music
taste. In a similar manner, it includes people who
listen to different kinds of popular music, Russian
and foreign rock, as well as club music, R’n’B, and
hip-hop / rap, which are quite new musical styles for
the Ukrainian audience. The latent class which can
be described as omnivorous taste also reoccurs in all
years. Listeners who have this kind of taste, in line
with the definitions of Peterson [5], manifest
preferences for different pop and rock music, to
former popular culture, and to musical styles which
can be regarded “high”, such as classical music,
jazz, bard songs, and cinema and theatre music.
Table 3 presents probabilities of people who like
certain styles to belong to a certain latent class.

Taking into account the composition of classes,
they were named “post-Soviet pop taste,”
“contemporary music taste,” and “omnivorous
taste.” As can be seen in Table 2, which shows the
classification of individuals based on latent class
membership, post-Soviet pop taste is the most
numerous class of taste in all three years, while
omnivorous taste is the least numerous.
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Table 2. Probability of belonging to three classes of taste in 2008—-2009 based on music preferences

Post-Soviet Pop Taste Contemporary Music Taste Omnivorous Taste
2008 2009 2010 2008 2009 2010 2008 2009 2010
Ukrainian pop music 0.156 0.262 0.234 0.274 0.23 0.307 0.687 0.67 0.693
Russian pop music 0.387 0.469 0.434 0.553 0.484 0.591 0.897 0.834 0.819
Foreign pop music 0.04 0.211 0.173 0.549 0.544 0.585 0.688 0.716 0.673
Ukrainian rock music 0.046 0.053 0.021 0.112 0.144 0.16 0.22 0.39 0.333
Russian rock music 0.113 0.098 0.099 0.26 0.272 0.33 0.344 0.518 0.418
Foreign rock music 0.042 0.106 0.083 0.399 0.485 0.461 0.38 0.564 0.428
Bard songs 0.139 0.124 0.102 0.039 0.013 0.022 0.248 0.351 0.375
Jazz 0.035 0.047 0.039 0.055 0.072 0.08 0.195 0.289 0.279
Classical music 0.199 0.163 0.147 0.095 0.118 0.118 0.445 0.487 0.55
Club music 0.026 0.05 0.048 0.308 0.534 0.471 0.201 0.25 0.215
Theatre and cinema music | 0.192 0.169 0.161 0.026 0.031 0.056 0.429 0.445 0.514
Folk music 0.193 0.143 0.122 0.016 0.017 0.02 0.315 0.353 0.454
?gg:j‘;gipgggous years 0496 | 0.407 | 0385 | 0.149 | 0157 | 0212 | 0.663 | 0.687 | 0.759
Techno, rave, house, etc. 0 0.001 0.009 0.145 0.259 0.232 0.068 0.08 0.082
Shanson 0.402 0.39 0.392 0.223 0.19 0.242 0.42 0.516 0.506
Other 0.057 0.071 0.065 0.127 0.117 0.11 0.095 0.129 0.138
R'N'B (only in 2009, 2010) - 0.006 0.003 - 0.396 0.339 - 0.137 0.121
ginpl'yhﬁfz/ézg 2010) - 0.013 | 0011 . 0443 | 0384 - 0.139 | 0.143
Table 3. Classification of individuals based on their most likely latent class membership
2008 2009 2010
N % N % N %
Post-Soviet Pop Taste 2354 47.1 3407 68.1 3081 61.6
Contemporary Music Taste 1912 38.3 883 17.7 1303 26.1
Omnivorous Taste 734 14.7 710 14.2 616 12.3
Total 5000 100.0 5000 100.0 5000 100.0
Conclusions styles and is indeed broad. These findings provide

Exploratory latent class analysis has provided
valuable findings which help to understand the
structure of the Ukrainian musical taste. These
findings also add to contemporary understanding of
the culture showing that the taste for popular culture
dominates in Ukraine. Not only are the classes of
post-Soviet and contemporary pop lovers the most
numerous, the third class of omnivores also
demonstrate preferences for popular culture. Latent
class analysis has indicated that omnivorous taste in
Ukraine includes preferences for many musical

the basis for further analysis of the relation between
the social structure and music in Ukraine. Now that
classification of musical taste has been made with
the application of latent class analysis, the extracted
classes and their relation to social-demographic and
other variables can be evaluated. However, latent
class analysis has appeared to provide misleading
results when the variables under analysis had not
been specifically designed as indicators of a latent
variable. In further research, if this method is used,
the variables should be designed as indicators of a
latent variable.
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CTPYKTYPA YKPAIHCBKOI'O MY3UYHOI'O CMAKY:
EKCIIJIOPATOPHMIA JIATEHTHO-KJIACOBUIA AHAJII3
MY3UYHHUX YIIONOBAHb YKPAIHIIIB

Lo cmammio npucesueno nowtyKy 1amenmHoi CmMpyKmypu My3udHo20 cCMaKky YKpainyie. JlamenmHo-
KAcosuti ananis, nooibHo 00 GaxKmopHo20 aHAi3y, € Mum MemoooM, 3ad OONOMO20I0 K020 MONCIUBO
BUABUMU CIPYKMYPY TAMEHMHOI 3MIHHOIL, HANPUKILAO, CMAKY, KOMPA CMOoimb 3a NAmepHamu 8i0nosioell Ha
HabIp 3anuUmMaHb 6 ONUMYGAHHI, SIKI CMOCYIOMbCS 6NO000AHH NEeGHUX NPOOYKMI8 KYIbmypu: CHIUIIS,
Jrcanpis, meopie abo suxonasyie. OOHAK 20108HOI0 NEPEBALOI0 NAMEHMHO-KIACO8020 AHANI3Y € MONCIUBICb
11020 3aCMOCY8aHHA 00 OUXOTMOMIYHUX AOO THUWUX Kame2opianoHux 3MiHHUX. ¥ yill cmammi npedcmagneHo
pe3ynomamu  AameHmHO-KIAAC08020 AHANI3Y MY3UUHUX YNnoO0obaHb YKpainyie. Ompumani pesynvmamu
6KA3VIOMb HA Me, WO CIMPYKMYPpa MY3UUHO20 CMAKY YKPAiHYie npomsa2oM mpbox OOCHIONCYBAHUX POKi6
(2008-2010) 6yna oOocums cmanow ma 6KIOUALA MPU OCHOBHI PIZHOBUOU MY3UYHO2O CMAK):
NOCMPAOSHCOKULL CMAK 00 NONYAAPHOL KYIbMYPU, CMAK 00 CYHACHOT NONYISAPHOL KYIbmMypu ma 6ceioHull
cmak. Hatinowupenivium € nocmpadsncokuii cmMax 00 NORYISAPHOL MY3UKU, SIKUU BKAIOYAE 8NOO0OAHHS
POCIUCLKOL NONYNAPHOT MY3UKU PA3OM i3 MY3UKOI0 MUmyaux poxie (60-mi, 70-mi, 80-mi) ma wanconom.
Jlpyeum 3a nowupenHsm € cmax 00 CYYACHOI NONYISAPHOL MY3UKU, NPeOCMABHUKU SIKO20 CIYXAIOMb
VKPAIHCBKY, POCIICbKY ma 3apy0idcHy NOR-MY3UKY, POCIUCbKY ma 3apyOidcHy POK-MY3UKY, K1YOHY My3UKY,
R’n’B ma xin-xon/pen. Yacmuny my3udHux ciyxadie MOXiCHA OXAPAKMEPUZYEAMU K «BCEIOHUXY, OCKIIbKU
BOHU NOEOHYIOMb YNOOOOAHHS NONYAAPHOT MY3UKU 13 BMOO0OAHHAM KILACUYHOTL, MY3UKU meampy ma KiHo ma
bapoiscokoi nicui. Takum 4uHOM, 3aCMOCY8AHHS EKCNIOPAMOPHO20 TAMEHMHO-KIACO8020 AHANIZY 8KA3YE
HA HAABHICMb MPbOX OCHOBHUX 8UIE CMAKY 8 YKPAIHCOKUX CIYXAYI8 MY3UKU, XO4d Yi pe3yiomamu Marms
Oymu 8aniouzoeami 6 MabdYmHbOMY.

KoirouoBi ci1oBa: comionoris KyJasTypH, My3H4HI BIIOAOOAaHHS, My3HYHHI CMaK, JaT€HTHO-KIaCOBUI
aHamis.
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