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pUHKIB 30yTy € TphOMa B3a€MOIMOB'SI3aHUMH HamNpsAMaMu 1Li€i TpaHcopmarli,
peatizarlist Skux GopMye CTIHKY OCHOBY JIJIsl BITHOBJICHHS 1 pO3BUTKY Tajy3l B yMOBax
noBo€eHHOT B110y10BH. EdexTrBHE MapkeTHHrOBE yrpaBiinHs mianpuemcramu AITK
B YMOBax JIOTICTUYHHMX BHUKIHUKIB € HE JIMIIEe YMHHUKOM iXHbOI KOPIIOPAaTUBHOI
KOHKYPEHTOCIIPOMOXHOCTI, a ¥ OJHUM 13 KJIIOUOBUX (PAKTOPIB BIJIHOBJICHHS
30BHINTHBOCKOHOMIYHOTO TOTEHIay YKpaiHd — M0 POOUTh MOCIIKEHHS Ili€l
npoOJIeMaTUKN aKTyaIbHUM 1 CYyCHUIBHO 3HAYYIMM HAyKOBHUM 3aBJaHHSIM [6].
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OPEN AND FAIR DATA IN INNOVATION-DRIVEN RESEARCH
PROJECTS: DATA-RELATED RISKS AND ROLE STRUCTURES

In the knowledge-based economy and considering the growing importance of
research and development, innovation-driven research projects serve as a key
instrument for creating new technologies and products. Such projects have a high level
of uncertainty, complex interdisciplinary interactions, dependence on experimental
results, and a critical role for data. The quality, accessibility, and manageability of data
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determine the possibility of scientific results, their reproducibility, and further
commercialization or scaling. In this context, managing data-related risks and
establishing an effective project role structure becomes vital.

In innovation-driven research projects, data functions not only as a source but also
as a mechanism for generating and scaling innovation. FAIR data and open data both
support knowledge sharing and collaboration, though they represent different concepts.
FAIR data principles distinguish between accessibility and openness, allowing data to
be accessed under controlled conditions rather than requiring full openness (Wilkinson
et al., 2016). This approach is further supported by the European Commission, which
states the principle “as open as possible, as closed as necessary” (European
Commission, 2016).

Risks in innovation-driven research projects require specific identification.
Classical project management approaches define risk as a combination of probability
and impact and propose systematic processes for its identification, assessment, and
control (European Commission, 2023; Project Management Institute, 2021). However,
in such projects, risks are largely data-driven, associated with data excellence,
comprehensiveness, availability, and compliance with standards. Likewise, the
uncertainty of research outcomes increases the need for effective risk management.

Innovation-driven research projects exhibit several specific characteristics,
including high technological uncertainty (especially at early Technology Readiness
Levels), dependence on laboratory infrastructure, and the necessity to fulfill ethical,
regulatory, and publication requirements. Under these conditions, data becomes a
central asset that determines the validity of the entire project.

This study proposes a classification of data-related risks in innovation-driven
research projects, grouped into categories. First, risks related to data quality and
reproducibility include missing metadata, poor documentation, inconsistent formats,
and limited interpretability, making data unsuitable for verification or reuse (Wilkinson
et al., 2016). Second, storage and access risks involve a lack of backup systems, the
use of personal devices, and the loss of raw data, which can lead to the invalidation of
results. Third, research integrity risks include data duplication, plagiarism, and the
improper use of external data, which can potentially lead to rejection or retraction.
Fourth, risks caused by the absence of a data management policy, a Data Management
Plan (DMP), or clearly defined responsibilities.

Effective data management in innovation-driven research projects requires the use
of appropriate tools and management approaches. One of the key instruments is the
Data Management Plan (DMP), which outlines how data is formed, stored,
documented, shared, and preserved throughout its lifecycle. Its importance lies in
establishing a unified approach to data management within the project, reducing risks
of data loss or misuse, and ensuring compliance with donor requirements, particularly
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within EU-funded programmes (European Commission, 2016). One more important
tool is the Risk Log, which enables systematic identification, valuation, and monitoring
of risks. In the context of data management, it allows integration of data-related risks
into the project management system. In addition, the likelihood/impact matrix supports
risk prioritization, while analytical tools such as root cause analysis or the “5 Whys”
method help identify the root causes of data-related problems. The Pareto Principle
also allows you to focus on the most important factors of the root causes of problems.

An essential component of data governance is the role-responsibility structure,
which can be represented using the RASCI matrix. In innovation-driven research
projects, roles are typically distributed as follows: Responsible (researchers generating
data), Accountable (project leader or principal investigator), Consulted (experts in
ethics, data protection, and quality assurance), Supports (IT, legal/IP, data management
specialists), and Informed (donors and governance bodies). This structure reduces
ambiguity, improves coordination, and supports transparent decision-making.

Data management should be integrated into the overall project management
system by adjusting data-related risk issues with key project documents, including the
Risk Log, Work Plan, Flexible Budget, and DMP.

Open data, when aligned with FAIR principles, functions as a mechanism for
accelerating innovation by enabling data reuse, cross-disciplinary collaboration, and
the integration of knowledge across projects and institutions. However, its
effectiveness depends on proper data governance, risk management, and role
distribution within research projects.

Thus, innovation-driven research projects require a rethinking of management
approaches through the integration of data management, the development of research-
oriented role structures, and their alignment with project management processes. Data
acts not only as a research output but as a key factor in value creation. Ensuring data
quality, governance, and compliance with FAIR principles, combined with clearly
defined role structures and appropriate management tools, contributes to mitigating
risks, strengthening the reliability of results, and improving the overall effectiveness of
innovation processes.
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CYYACHI IHCTPYMEHTHU AHAJII3Y JAHUX
JJIAA ITPOT'HO3YBAHHSA 3MIH Y BIBHECI

VY cydyacHux ymoBax mu@gpoBoi TpaHchopmarlii aipKuTani3amia nepecrae OyTu
BUKJIFOYHO 1HCTPYMEHTOM aBTOMATH3aIlll OKpeMHUX O13HEC-IPOIIECIB 1 Jiefani OlIbIIe
HaO0yBa€ O3HAK CHCTEMOYTBOPIOIOYOrO  (pakTOpy IHHOBAL[IHOTO  PO3BUTKY
nianpruemMcTBa. Bona popmye HOBY apXiTEKTypy €KOHOMIYHUX BIJHOCHH, MEXAHI3MIB
YIIpaBJIIHHS Ta CIIOCOOIB reHepallii 1HHOBaIlii. Y 3B’S3Ky 3 IIUM BUHHMKA€E 00’ €KTHUBHA
HEOOXITHICTh MEPEXOAY BiA (pparMEeHTapHOro aHali3y BIUIMBY OKpPEMHX LU(DPOBUX
TEXHOJIOTIH 70 TMOOYJOBH IHTETPOBAHOI MOJENI, L0 BigoOpa)kae KOMILIEKCHUN
B3a€MO3B’ 30K JIIJDKATAJII3AIll] Ta IHHOBAIIMHOT aKTUBHOCTI. 3aIpOIIOHOBaHa MOJICIb
IPYHTYETBCS Ha TMOJIOKEHHI, IO JI/HKUTATI3AIls CTBOPIOE HE JIMIINE TEXHOJOTIYHI
MOJIUBOCTI, @ W TpaHCHOPMYE €KOHOMIUHI CTUMYJIM, OpTraHi3aliiHi CTPYKTypU Ta
JIOTIKY yOpaBiiHHS 1HHOBalisMU. Mojens aiKUTami3aIli  po3rIsgacThes  SIK
OaratopiBHEBHUI IMpOLEC, IO OXOIUTIE HUPPOBY 1HOPACTPYKTYpY, MIaTHOPMHI
pILIEHHS, aHAJIITUYHI CUCTEMH Ta IHTEJIEKTyalbH1 TEXHOJIOT1], iK1 (POpMYIOTh LU(ppOBE
1HHOBAI[I{HE CepeIOBUILIC MIAMPUEMCTBRA.

KitouoBoto 0coOMMBICTIO MOAENI € IHTErpalliss TPhOX B3AEMOTIOB’SI3aHUX
KOHTYpIB: TEXHOJIOTIYHOTO, EKOHOMIYHOTO Ta OpraHi3aliifHO-yIpaBIiHCHKOTO.
TexHnonoriynuit KOHTyp 3abe3medye 30ip, OOpOOKYy Ta BHUKOPWUCTAaHHS JIaHUX,
aBTOMATHU3AIII0 1 BIPTyasi3alilo MPOLECIB, PO3BUTOK IJIATHOPMHHUX 1 MEPEKEBUX
pimieHb. EKOHOMIYHUN KOHTYp TpaHCcPOpMye 11 MOXIMBOCTI y 3HUKEHHS
TPaHCAKIIMHUX BUTPAT, MPUCKOPECHHS 1HHOBALIIMHUX IIUKJIIB, M1IBUIIICHHS BiJ1a4l BiJl
IHTEJIEKTyaJIbHOIO KamiTaly Ta GopMyBaHHS HOBUX Oi3Hec-Moenei. OpraHizaiiiHo-
YOPaBIIHCBKUNA KOHTYp BiAOOpa)kae 3MIHYy MEXaHI3MIB YMpaBJiHHS 1HHOBALSIMHU,
nepexin 1o data-driven, foresight-opieHTOBaHUX 1 IIIATHOPMHUX MOJEICH MPUUHSTTS
pIIICHb.



