Peanizallia aAropuTMmIB
DEKOMEHOALIMHUX CUCTEM

KepiBHUK KypcoBoi poboTH
KaHAMAAT TEXHIYHUX HayK
Kosantok TetaHa BosnogummpisHa

PoboTy BMKOHaB be3wTaHbKo B.B.



PeanizoBaHI a/ITOPUTMU

* AITOpUTM HaAAaHHA PpeKoOMeHAaLUin 33 NONYASAPHICTIO
* Anroputm KonabopaTtmeHOI dinbTpaLii

* AITOPUTM K cepeaHix



TecToBl AaHI

e [1aHi HaBeaeHo y dopmari, 3anponoHoBaHoOMY Ana KOHKypcy Netflix
prize



ANTOPUTM HaZaHHA peKoMeHAaaLin 33
NONYNAPHICTHO

* Hapg3BMYanMHO NPOCTUM
* He noTpebye BiAOMOCTI NPO iHTEPECU KOPUCTYBAYA

* OQHaK, He NpMAaTHUN ANA NePCOHIPIKOBAHOro peKomMmeHAYyBaHHA

ANropuTM MOKe BYTM BUKOPUCTAHO AK AOMNOBHEHHA A0 iHWKX, Wob
KOMMNEeHcyBaT Npobaemy Xon104HOro CTapTy



ANropuTM KO01abopaTMBHOT QinbTpaLLl

* Mae baraTo BapiaLii, OCHOBHI: user-user, item-item Ta matrix
factorization

e PeanizoBaHO user-user aJiIrOPUTM, CMUPAKYNUCb HA KOCUHYCHY Mipy
noAiOHOCTI



positive interactions

. neutral interactions

. negative interactions
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User we want to make a recommendation
for is represented by its row in the matrix...
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... and we search the K nearest neighbours
of this user in the matrix
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We can then recommend the most popular
items among the K nearest neighbours

knn




ANropuTM KO01abopaTMBHOT QinbTpaLLl

User\Movie 1 2 3 4 5 6 7 8
1 5 3 4
2 4 1 2
3 5 5
4 4 3 2 1
Pexomeraadli movie 5 ) 3 4 ]

KOpUcTyBaya 2:

prognosis 3636 2721 0364 0273 0,001



ANTOPUTM K cepeHIX

* AIropuUTM Knacrtepmsaulii
* 3MEHLUYE KiNbKICTb MNOPIBHAHb, 30iNbLUYE LWBUAKICTb OOPaxXyHKIB
* CKnagHonNporHo30oBaHUM
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BNCHOBOK

* PekomeHpauinHi cnuctemm matoTb KOMBOiIHYBATU Pi3HI nNigxoau



