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THE ANALYSIS OF RE-EMPLOYMENT PROBABILITIES
FOR THE UNEMPLOYED IN UKRAINE

This paper presents the results ofan econometric analysis ofthe conditional probability ofan individual
leaving unemployment in Ukraine. Individual-level data are used from the first wave of the Ukrainian Longi-
tudinal Monitoring Survey (ULMS-2003) to determine factors affecting re-employment probabilities between
1997and 2003 in a competing-risks discrete-time semiparametric framework. We test some basic hypotheses
originated from a job search theory on the influence of individual-specific and local labor market characte-
ristics on the hazard ofleaving unemployment, as well as our hypothesis about disincentive effect ofexistence
ofincomefrom casual activities and subsidiaryfarming during long non-employment period and no effect of
unemployment benefits with respect to transition from unemployment to ajob. This paper shows that long-
term unemployment remains an important issue in Ukraine even in stronger labor market conditions after
economy's reversal, and that re-employment probability is very unevenly distributed among various sub-

groups of unemployed individuals.
Introduction

One ofthe most disturbing features ofthe Ukrai-
nian labor market overthe last decade hasbeen the
high incidence of long-term unemployment. Ac-
cording to the Ukrainian Labor Force Survey in
2003, on average about 984 thousands of persons
(50.3 % ofall unemployed) have been out ofwork
and actively searching for it for more than a year
(Table 1). And many others are at risk ofbecoming
SO.

A particularly worrisome development is that,
despite high economic growth rates in Ukraine
starting from the year 2000, the number of those
withoutajobforalongperiod and average unemp-

loyment duration are decreasing very slowly. The
question then arises as to what causes these slow
changes in the duration ofunemployment spell. Is
it simply that the number ofvacancies in the indi-
vidual's travel-to-work area is not sufficient to ab-
sorballunemployed? Orarethere otherfactorsat
work which may influence the individual's proba-
bility of receiving a job offer and the probability of
accepting this offer? Does the Ukrainian unemploy-
ment insurance system discourage quick exits to
employment or some other factors come into effect
instead? These are the questions we attempt to ans-
wer in this paper whereby filling a gap in the litera-
ture on the determinants of unemployment dura-
tion in Ukraine'.

' Extensive review ofthe studies on the determinants ofunemployment duration and labor market transitions in the CEE countries
and Russia can be found in Svejnar 11]. Devine and Kiefer |2| provide an overview ofanalogous studies in Western Europe and the US.



Table 1. Duration of unemployment in Ukraine

Indicators 2000 2001 2002 2003
Number of unemployed, who were searching for ajob or were
planning to start business, thds. 2628.7 2431.3 2204.3 1965.3
Percentage of those searching for a job or planning to start business
by duration oftheirjob search
less than 1 month 3.1 3.0 2.7 3.1
1-3 months 10.1 11.0 12.4 13.8
4-6 months 11.0 11.0 11.6 12.8
7-9 months 12.2 10.1 10.0 10.5
10- 12 months 13.1 10.1 9.8 9.5
more than 12 months 50.5 54.8 53.5 50.3
Average duration ofjob search, months 10 10 10 9
Average duration of non-employment, months 23 23 22 22
Average duration of registered unemployment, months 11 9 8 7

Source: Derzhkomstat, LFS (except for information on duration ofregistered unemployment)

Methodology

The typical framework used in the empirical
analysis ofunemployment duration isthejob search
approach presented in Mortensen [3] and Morten-
sen and Pissarides |4]. The focus in modelling dura-
tion ofunemployment isusually on the condition-
al probability ofleavingunemployment, the hazard
function'. The theoretical model of job search in a
two-state labor market (employment and unemp-
loyment) implies that when a worker becomes un-
employed, the conditional probability of his re-
employment in any time A(/) is equal to the pro-
duct ofthe probability of receiving a job offer E(Y)
and the probability then ofaccepting thisjob offer
0(?) determined by his/her reservation wage:

M/) = E@O 6(1),

or, more generally,

M) =MX(D),1),

where A'is a vector of characteristics which in a
general model can vary with unemployment dura-
tion . The variables which are liable to affect the
probabilityofanindividualleavingunemployment
include local labor demand conditions, measures
ofindividual's human capital, demographic cha-
racteristicsand health status, housingtenure, vari-
ables measuring various aspects of labor market
experience prior to entering the unemployment
spell, labor market status ofspouse, income while
unemployed and expected income inwork, etc. [2].

It is worth also briefly considering what rela-
tionship between the duration ofunemployment
and the probability of finding a job we might ex-
pect. The basic job search theory predicts that the
distribution of unemployment durations is expo-
nential, and the probability of finding a job is in-
dependent of completed duration ifall explanato-
ry variables are time-invariant. According to the
more general models, the re-employment hazard
may be negatively associated with the duration of
unemployment spell (negative duration depen-
dence) if, for example, discouragement effect takes
place (the individual's search intensity declines as
the unemployment spell lengthens ifhe perceives
his re-employment prospects as hopeless), or be-
cause of human capital decay during long period
out ofregularjob, or because employers are likely
to screen unemployed individuals applying for a
job on the basis of their non-employment dura-
tion, etc. [7]. On the other hand, it may be posi-
tively associated with time in unemployment (posi-
tive duration dependence) ifso-called resource ef-
fect takes place when the reservation wage is
declining with unemployment duration. The re-
servation wage may decrease, for example, as ex-
haustion of unemployment benefits approaches
(so-called unemployment benefit exhaustion ef-
fect) implying that the probability of re-employ-
ment rises until the point when benefits lapse, but
the empirical evidence on this relationship is found
to be ambiguous [2]. Therefore, there are a vari-
ety of potential influences, one group of which
implies negative duration dependence, while the
other points to positive duration dependence. This
suggests that it is preferable not to pre-impose par-
ticularshape on the hazard function.

' Conditional probability of having a spell oflength exactly/is a probability ofleaving in tiny interval oftime |t, t+At] conditional
onsurvival up to time /. For comparison, the unconditional probability ofhaving a spell of length exactly / is a probability of leaving a
state in the interval |t, t +At] (see Kiefer [5|; Lancaster [6], for more details on duration models).



The econometric model adopted in ourstudy is
Cox proportional hazards model [8]:

A (1) =exp(B' X\, (1),

where X. — is a vector of explanatory variables
for individual i (we assume that all variables are
time-invariant) , 3 —avector of parametersto be esti-
mated, and A,(/) — the "baseline" hazard at time ¢
which captures duration dependence of the hazard'.

If durations are measured in terms of whole
months completed (interval-censored data), an ob-
served duration of # whole months indicates dura-
tion on the continuous-time scale ofbetween r' and
t + 1 months. Accordingto Meyer [10], ifthere are
no time-varying variables or ifthe value of time-
varying variables is constant between fandt + 1,
the probability ofa spell being completed by time
t+1 conditionalonthatitwasstillcontinuingattime
t, the discrete-time hazard, can be written in the com-
plementary log-logform as follows:

A (1) =1-exp[-exp(B'X, +y(1)]:

[ t+1

where Y(D) = 1“‘ I Mo (W)du I is some functional
form which summarizes the pattern of duration
dependence in the discrete time hazard. We prefer
aflexible specification ofthe baseline hazard since
it allows for non-monotonic variation with dura-
tion, and therefore a wider range ofpossible effects
ofduration on the hazard rate can be captured [10,
11]. The shape ofthe baseline hazard is estimated
in our model on a month by month basis without
any restrictions on how y can vary from interval to
interval. In other words, we employ a flexible para-
metric (semiparametric) proportional hazards
model: the baseline hazard is non-parametric while
the effect ofcovariates takes a particular functional
form.

In this study we distinguish between two desti-
nation states ofexits out ofunemployment (com-
peting risks): unemployment can end with finding
a regularjob or with a spell ofeconomic inactivity.
Following the assumption made by Naren-

drenathan and Stewart [12] for interval-censored I
data, that exits from unemployment can only oc-
curat the interval boundaries and that risks are in-
dependent, the overall independent competing risks
model simplifies to two or more single-risk models
analogoustothatforcontinuoustimedata’. Toes-
timate the tworisksseparately, exits from unemp-
loyment to inactivity are considered censored
when estimating exits to employment, and vice
versa.

Finally, to allow for unobserved heterogeneity
we extend ourmodelintroducingagamma-distri-
buted random variable in each ofthe destination-
specific hazard and assuming again the indepen-
dence across terms.

]

Data

The dataemployedtoanalyze the probabilityof
leaving unemployment in Ukraine are taken from
the first wave ofthe Ukrainian Longitudinal Mo-
nitoring Survey (ULMS)-2003, a nationally rep-
resentative random sample of the population of
Ukraine living in private householdsin the spring
0f2003. It has information about 4,056 households
and 8,641 individuals aged from 15 to 72. The
ULMS datasetisaunique one in Ukraine since it
is the first data set available at the individual level
in Ukraine and it allows making an analysis ofthe
labor market flows and unemployment duration
from December 1997 till the reference week in 2003
owingto its retrospective nature.

Our sub-sample consists of individuals with at
least one unemployment spell between December
1997 and June 2003 who provided complete re-
sponses to the questions about the period ofjob
search. As a result, we have 2122 unemployment
spells, experienced by 1799 individuals, with the
average number ofunemployment spells of 1.18 and
its maximum number of5’. We distinguish the fol-
lowing three types ofunemployment spells by des-
tinationstates:

* exit to employment ifa respondent has found a
job (or started his business) after a period of
job search,

* exit to inactivity ifa respondent has stopped job
search, and

" The proportional hazards model assumes that absolute differences in explanatory variables result in proportionate differences in

thehazardateach/19].

* An alternative assumption for the discrete-time competing risks model can be found in Han and Hausman [11].

* In our study, a person is classified as unemployed if: 1) he/she answered that he/she didn't have ajob (including entrepreneur-
ship, business activities, individual work, work in a family enterprise or on a farm, and freelance work) at some time period in the past;
2) a person gave the reason of not having ajob and answered that he/she was seeking and available for work for any time during that non-
employment period; 3) there is no overlappingin time between the period ofemployment and the period ofnon-employmentaccording
to respondent'sanswers (ifthere wassuch overlapping we reclassify this person asemployed).



« right-censored if the period of job search has
been continuing at the date of an interview.
Our "dependent"” variable is the length of an un-

employment spell defined as the number of whole
months between the date of beginning ofjob search
(month and year only) to the date ofits end". To each
unemployment spell experienced by a sample mem-
ber we have attached avector of demographic and oth-
er individual characteristics (including gender, age,
marital status and number of small children, educa-
tion, sources of subsistence during unemployment,
previouslabor market status, previousunemployment
experience), the values for which are determined at
the starting date of the unemployment spell to ensure
their exogeneity. In addition to individual characte-
ristics, we use variablesto account for differencesin
local labor demand conditions. Differentials in the
local 1abor marketsareproxied in our study by regional
unemployment rate (accounting for between-oblast
differences) andthetypeof settlement (accountingfor
within-oblast differences). We have matched in the
registered unemployment rate by thequarter of start-
ing date of unemployment and by the region (24

oblasts, Kyiv City and Crimean Republic) where the
person lived at the beginning of the corresponding
unemployment spell?. Finally, weaddtheyear and the
quarterof entering into unempl oyment to control for
changes in macroeconomic environment and possi-
ble seasonal effects.

Empirical results

Table 2 provides the estimates of competing-risks
complementary log-log model with fully flexible non-
parametric basdline hazard®.We aso estimate the mo-
delsallowing for unobserved heterogeneity (gammadis-
tributed) but the variance of the heterogeneity is not
significantly different from zero asfor exitstoemploy-
ment as for exitsto inactivity implying that explicitly
modeling unobserved heterogeneity changesthe cova-
riates little®. Giventhis, wepresent ourfinal estimation
resultswithout accounting for unobserved heterogeni-
ty. \\fe focus here on exit from unemployment to ajob
as the risk of interest. The results for the re-employ-
ment hazard using the competing-risks framework are
given in the second column of Table 2.

Table 2. Duration Analysisof Exitsfrom Unemployment in Ukraine— complementary log-log model
with nonparametricbaselinehazard in acompetingrisksframework

) Unemployment spell ends with move to:
Variable —
Employment Economicinactivity

Female -0.087 (0.096) 0.151 (0.182)
Married® 0.297** (0.104) 0.001 (0.196)
Female* Married -0.292* (0.134) 0.024 (0.241)
Number of children of 15 years old or under -0.078 (0.066) -0.274 (0.146)
Female* children 0.107 (0.084) 0.217 (0.168)

25-39 -0.419** (0.089) -0.071 (0.173)

40-54 -0.627%* (0.097) 0.491** (0.167)

>55 -1.123** (0.215) 1.137** (0.237)
Education

General secondary or vocational 0.047 (0.094) 0.046 (0.157)

Professional secondary or unfinished higher 0.139 (0.107) 0.146 (0.168)

Higher 0.375** (0.129) 0.009 (0.212)

! Themini mum length of the periodsfixed inthe ULM Sisone month. I, for instance, therewasaperiod of lessthan amonth
between |eaving onejob and starting a new one, this period is not reflected in the questionnaire as a separate period of unemployment.

2Theinformati onabout characteristicsof regional registered|abor marketsistakenfromthe Public Empl oyment Center. Weuse
information on registered unemployment rather than unemployment from the LFSs because of consistency in methodology and comp-
|eteness of information at the quarterly basis by regions for the former indicator in contrast to the latter.

® We have examined also the effect of religion, nationality, health status, the number of dependants younger than 15 or older than

75 inthe household, previous employment status, sector of previous employment (according to the NACE classification), last occupa-
tion before unemployment spell (according to the ISCO classification), real net wage in the lastjob before unemployment, and national
unemployment rate (controlling for macroeconomic climate) but these factors appear to be not significant, and our main results are
robust to the inclusion of these additional variables. We have re-estimated aso the regressions using the most recent spell of unemploy-
ment for persons who experienced multiple spells during the sample period or using sub-sample consisting of those who experienced
unemployment only once during the sample period. These results don't change our main conclusions and are available on request.

A The empirical work of Meyer [10] and others suggests that when the baseline hazard is fully flexible, failure to model explicitly
distribution of unobserved heterogeneity does not seriously hias results.



The continuation ofthe Table 2

Sources of Subsistence during unemployment
Unemployment Benefits 0.029 (0.080) 0.131 (0.144)
Casual Work -0.269** (0.075) 0.156 (0.123)
Household Income -0.249** (0.091) 0.360* (0.152)
Pension -0.553** (0.140) 0.342* (0.173)
Other State Transfers -0.105 (0.104) 0.060 (0.171)
Other Sources of Subsistence 0.329%* (0.145) -0.182 (0.292)
Regional UR " -0.073%* (0.023) -0.054 (0.037)
Type of settlement '
Town 0.086 (0.073) -0.345%* (0.132)
Large city 0.267** (0.091) -0.256 (0.173)
Previous unemployment *
1 prior spell 0.110 (0.107) 0.081 (0.200)
2 prior spells -0.127 (0.343) 0.312 (0.521)
3 or more prior spells 0.618 (0.367) 0.996 (0.844)
Previously employed " -0.103 (0.082) -0.597** (0.137)
Year ofstarting an  unemployment spell
1998 -0.100 (0.129) 0.501* (0.236)
1999 0.102 (0.134) 0.812%* (0.262)
2000 0.165 (0.133) 1.029%** (0.257)
2001 0.198 (0.143) 1.240%* (0.291)
2002 0.298* (0.149) 1.920%* (0.313)
2003 0.038 (0.255) 3.120%* (0.399)
Quarter ofstarting an unemployment spell
Il -0.114 (0.107) 0.348* (0.165)
I -0.058 (0.100) 0.236 (0.178)
v 0.079 (0.107) 0.343 (0.190)
Number of observations 36397 spell-months 35838 spell-months
Number of failures 1099 369
Log-likelihood -4736.961 -1869.557

Note: Figures reported are the estimated coefficients. Robust standard errors adjusted for clustering on individual identifier in parentheses. ** and
* denote significance at the \% and 5% levels, respectively. Variables are dummy variables except for regional unemployment rate, number of
children, and female*children." Married= 1 iflegally married or cohabiting.” Aged under 24 is the base category.® Primary or unfinished secondary-
education is the base category.’ Unemployment Benefits = 1 ifunemployment benefits or training allowance during unemployment; Casual Work
= 1 ifcasual work or production and sale of products from own land plot or income from casual business activities or subsidiary farming for own
needs; Household Income = 1 ifincome ofspouse or income of parents or support from relatives; Pension = 1 ifpension; Other State Transfers = 1
ifstipend or study loan, child allowance, alimony, social benefits, subsistence allowance, or suppon by state or municipal institution; and Other
sources ofsubsistence — 1 if sale of property, income from rent, dividends, etc., loans or savings.® Registered unemployment rate for 24 oblasts,
Crimean Republic and Kyiv City. 'Village or small town is the base category.' No previous unemployment is the base category'." Previously inactive

is the base category. Exits to inactivity are considered censored when estimating exits to employment, and vice versa.

The results suggest that differences in hazards of
exit to employment between men and women do not
appearto be significant. Married women tend to have
lower hazard rates from unemployment to employ-
ment although married individuals as a whole are
more likely to leave unemployment to employment.
This suggests that historically established pattern of
family responsibilities in Ukraine is an important
factorin the labor supply decisions. At the same time,
the number of small children has no effect on the
duration ofunemployment. Thisfinding maybe part-
ly attributed to the well functioning system of pre-
school and out-of-school education developed un-
derthe Soviet Union with the aim ofpromoting wom-
en's labor force participation.

The age coefficients suggest that the probability
ofexit fromunemployment toemployment decreases
with age and that older worker are at a disadvantage
in arapidly changing economic environment. This
result is consistent with job search theory and em-
pirical evidence for many transition countries (see
[13], [14] for Russia). The exit rate to employment
increaseswitheducation, thoughonlythe coefficient
on highereducation is statistically significant: peo-
ple with completed higher education have the ha-
zard rate ofexit to employment which is 45% higher
thanthehazardratefortheindividualswithprimary
or unfinished secondary education, ceferis paribus.
This finding is in the conflict with the effect of edu-
cation on exits from registered unemployment in



Ukraine found by Stetsenko [15]. We attribute this
discrepancy to the difference in the composition of
vacanciesnotified at the publicemployment service
and those advertised in the newspapers and private
employment agencies in Ukraine with the former
heavily represented by vacations for less-educated
andlessskilledpersons[16].

Our results support our hypothesis of no signifi-
cant effect of receiving unemployment benefits im-
plying that the existing unemployment benefit sys-
tem is not contributing to longer unemployment
spells. However, existence of other sources of sub-
sistence during a period of unemployment such as
income from casua work activities and subsidiary
farming or householdincomeor pension significantly
lowersthe probability of re-employment. This shows
that such individualsarelikely to search for regular
jobslessintensively, they tend to have higher reser-
vation wages and so they are probably more selective
in acceptingjob offers. Surprisingly, people relying
on income from dividends, rents, interests, savings,
etc. tend to have significantly shorter unemployment
spells. The observed positive effect maybe in part due
to observed or unobserved characteristics which can
explain stronger attachment of such individuals to
the labor market (e.g. age, marital status, education,
importance of employment status and fear of being
unemployed and without money, etc.).

Other surprising result from our study isthat pre-
vious labor market state before unemployment (as
well asasector of previousemployment and employ-
ment status) and previousunempl oyment experience
donot alterthe probability of |eaving unempl oyment
tojob. The only exception isthe experience of three
or more prior unemployment spells the coefficient
onwhich ispositive and marginally significant at the

10 % leve. Our interpretation for this finding from
the individuals' side is that individuals with many
unemployment spells are more mobile on the labor
market and can find the nextjob relatively essy, and
that previoudy inactive persons may have lower reser-
vation wage than those previously employed. It is
difficulttointerpret these resultsfrom the employ-
ers side, but we guess that employers use other in-
formation asasignal of worker's productivity and
reliability butnot hislabor markethistory.

Theloca labor demand variables proxied in our
model by theregional registered unemployment rate
and the type of settlement have the expected signs.
The implied effect of a one percentage point increase
intheregistered unemployment rateisa7.3 percent
reduction in the hazard tojob, ceterisparibus. The
residents of large cities (more than 500 thousands of
inhabitants) have higher probabilitiesto leave unem-
ployment for employment than those living in the

rural area or very small towns. This suggests that |o-
cd labor market conditions are important determi-
nants of exit tojobs. It follows that unemployment
duration in acountry might be lower if fewer barriers
such asregistration Oust a new namefortheold sys
tem of propiska), high transportation and housing
expenses existed for people to moveto regionswhere
labor market conditions were more favorable.

Finally, estimation results forthe exits from un-
employment to employment revea that macroeco-
nomic environment (proxied by the year of enter-
ing into unemployment) and the starting season of
unemployment seem to be not important for the
determining unemployment duration before re-
employment. Only those who became unemployed
in 2002 have significantly higher hazards of exit to
jobs compared to the base group (those who entered
unemployment in 1997). One potential explanation
for non-response of unemployment duration to eco-
nomicgrowth in Ukraineisthat there are seriousbar-
riers between unemployed andjob opportunitiesand
that unemployment in Ukraine has at mogt structural
character during the last years. Another potential ex-
planation isthat like in the CEE countries during the
90-s, productiongrowth intheold sector absorbs first
of al "hidden" unemployed who remain formally at-
tached to a work place, while for thejobs created in
the new sector unemployed have to compete with
those still employed in the old sector [17].

Asfar asduration dependenceis concerned, we
cannot be sure of the extent to which the pattern
we have found (with an increase in the hazard to
job during the first year, its slight decrease during
the next three years followed by its sharp but insig-
nificant increase) reflectstrue duration dependence.
For the moment, we would suggest that more at-
tention should be paid to the exit rates correspond-
ing to the severd first months, since they are based
on a more representative sample, but this issue cer-
tainly requires additional empirical assessment.

When we turn to the multivariate analysis of the
factors affecting exits from unemployment to eco-
nomic inactivity (third column in Table 2), severa
primary results emerge. First, thereisno significant
difference by education, gender, marital and fami-
ly status, regional unemployment rate, and previ-
ous unemployment experience. Second, as expect-
ed, younger workers have a significantly smaller
hazard rate to inactivity than both prime-age or old-
er individuals. Third, individuals entering unemp-
loyment after employment appear to search longer
before withdrawing from the labor force than indi-
viduals being economically inactive before unemp-
loyment. Fourth, weobserve longer unemployment
durations before withdrawing from the labor force



for residents of small to medium towns compared
to residents of rural area or very small towns, and
no significant difference in unemployment dura-
tions between residents of cities and the latter. Fi-
nally, persons relying on household income and
pension during unemployment are more likely to
leave the labor force than persons without alterna-
tive income support since the former have less fi-
nancial incentivesto actively search for ajob and to
work at all. Significant effect of presence of income
from casual work activities with respect to the exit
to employment accompanied with its insignificant
impact with respect to the exit to inactivity indi-
cates that various casual work activities mainly in
the informal sector and subsidiary farming can be
considered simply as survival measures taken by
those who would prefer the stability of aformal re-
gularjob but with a reasonable remuneration.

Conclusionsand policy implications

This paper has analyzed the determinants of the
probability thatanunemployedindividual in Ukraine
finds ajob or withdraws from the labor force using a
new rich nationally representative data set from the
Ukrainian Longitudinal Monitoring Survey. Given
the absence of an effective system of public employ-
ment services and unemployment insurance in
Ukraine, this study tries to identify other potential
determinants of unemployment duration.

Thefitted exit hazard in the semiparametric dis-
crete-time formulation shows that there is a huge
heterogeneity among unemployed in the sample. Our
empirical analysisrevedsthat the social groupswhich
tend to have significantly lower re-employment pro-
babilities are married women and single men, older
workers, individual swith primary or unfinished se-
condary education, residentsof rural areaand small
towns(upto 20thds. inhabitants), residentsof oblasts
with higher unemployment rate, individual swho re-
celve dternative income from casua work activities
and subsidiary farming or rely on household income
or pension during a period of unemployment. It is
important to stress also that according to our results
thereisno significant effect of receiving unemploy-
ment benefits, gender of an unemployed, number of
small childrenin hisfamily, and previouslabor mar-
ket state on the hazard of exit to employment. We
unfortunately lack empirical evidence in order to

judge for sure what factors are of the primary impor-
tance for explanation of stagnancy of unemployment
in Ukraine but it seems that loca demand con-
straints, measured by the regional unemployment
rate and type of settlement, have the same or even
lower importance now than the supply-side effects.

Furthermore, according to our estimation results
economic upturn in Ukraine during the last years '
appearsto not influence the unemployment dura-
tionimplyingthat atemporary shock intheearly 90-s ;
hasbrought long-lastingeffectsintermsofhighand
persistent unemployment and that unemployment ]
in Ukraineduringthelast yearscanbecharacterized
as mainly structural.

Potential policy implications of the obtained
results, however, arenotreal ly straightforward. On
theonehand, for example, an obviousimplication
is to target active labor market policies on older
workers, individual swithlower level of education,
residents of rural area and small towns in the re-
gions with higher unemployment. These policies
may include specific skills training and retraining,
recruitment subsidies, direct employment, provi-
sion of temporary public works, subsidies for mov-
ingto other territory, assistance and counsel ling of
potential self-employedindividuals. But ontheoth-
er hand, with dataat our disposal itisimpossibleto
establish whether these programmes would be ef-
fective deviceto copewith the problem of long-term
unemployment in Ukraine. Moreover, it should be
taken into account that relatively small fraction of
joblessindividual sregisterwith publicemployment
center and sofew of actually long-termunemployed
areeligible for various active labor market policies
which are provided by the Public Employment Ser-
vice according to the legislation.

The next disputable policy implication follows
from thedisincentive effects of alternative income
duringunemployment (includingincomefromca-
sual work, subsidiary farming for own needsor for
sale of grown products, household income and pen-
sion) on exitstojobs. At first sight on the estimated
coefficients, it might be suggested to restrict the
access to such income in order to shorten unemp-
loyment spells and boost outflows from unempl oy-
ment tojobs. But after looking at thisissue more
carefully, we understand that we cannot put its con-
trol or elimination as a primary goa because this
income isthe main source of subsistence during a
period of unemployment. Taking into account sig-
nificant positive effect of pension on the hazard of
withdrawing from the labor force after unemploy-
ment along with its negative effect on the hazard of
re-employment it can be suggested to increase the
level of pension in order to reduce the pool of long-
term unemployed through increasing outflowsfrom
unemployment toinactivity among pensioners. As
far as income from casual work activities and sub-
sidiary farming is concerned, the issue of tackling
long-term unemployment among those unemp-
loyed who rely on such income seems more chal-



lenging. Unfortunately, we cannot know for sure
whether casual work or business activities in this
case are really short-term and sporadic or they have
systematiccharacter;whetherpersonswithoutfor-
mal job attachment have chosen these informal ac-
tivities in view of formal sector opportunities, or
they have been forced to engage in casual work ac-
tivities orsubsidiary farmingjust to survive but they
would have preferred a regularjob. Since it is al-
most impossible to control and influence engage-
ment into casual work activities directly, it would
be more appropriate to apply employment inten-
sive policies, aimed at encouragement ofpeople to
move towards the formal sector, accompanied with
active labor market policies targeted at those who
experience particular difficulties in matching to a
job. Furthermore, it isimportant that all policyde-
cisions are based on welfare assessments, and it is
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0. Kyneup

AHAJII3 IMOBIPHOCTI ITPALIEBJIAIITYBAHHSA BE3POBITHUX B YKPAIHI

Yemammi npedcmaeneno pesysvmamu eKOHOMEMPUUHO20 AHANIZY YMOBGHOI MOGIpHOCMI 8UX00Y iHOUsIOa 3i
cmamycy 6e3pobimnoeo 6 Ykpaini. /lna eusnauenHs akmopie, [AKI 6naAu8ardMb HA UMOGIPHICMb
npauesraummyeants nicas nepiody bespodimms y npomixcky uacy minc: 1997 ma 2003 pp., 3a donomoeoro
Hanignapamempuunoi mooeni  OUCKPEMHOMY 4acCi 3 KOHKYPYIOUUMU PUSUKAMU, BUKOPUCTNOBYIOMbCA IHOUBIOYanbHI
dani nepwioco payundy Yipaincokoeo 0oseocmpokogoeo obcmedcenns domoeocnodapeme (YAO — 2003).
Cmamucmuuna nepegipeHo HU3KY 0a308ux cinomes, SKi 6UNAUBAIOMb 3 MeOopii NoulyKy pobomu, 6naue
[HOUBIOYANbHUX XAPAKMEPUCMUK A YM08 HA Pe2iOHAAbHUX DUHKAX NPAyi Ha pu3uK euxody 3 be3pobimms, a
MmaKoic 81ACHI 2iNome3u npo He2amueHull egpekm UNAOK08UX 3apodimkie yu doxody 3 nidcobroeo cocnodapcmea
it 20p00die ynpo0oeic nepiody He3alHAMOCMI ma He3HAUYuUil epeKm ompumanis donomoau no 6e3pobimmio Ha
mpueanicms 6e3pobimms neped npayesraumyeanusm. Ilokazano, w0 mpueane 6e3pobimms 3aAUWAEMbCS
8aJCAUBOH NPOOAEeMOI0 8 YKpaini HAGIMb 3a YMO8 NOKPAUEHHS CUMYAYii Ha PUHKY Npali 6HACAIO0K 3pOCIMAHHS
eKOHOMIKU, a HMOGIpHICIb npayeseiaumy8anis 0yice pisHa ceped pizHux nioepyn 6e3pobimnoco HaceieHHA.



